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Abstract: Automatic Target Recognition (ATR) is an interdisciplinary technological field related to pattern
recognition, artificial intelligence, and information processing. ATR evaluation focuses on accessing ATR
algorithms and systems. Due to the noncooperative targets, complex operating conditions, and multiple
subjective preferences of the decision maker, ATR evaluation is performed for the entire ATR research process
and shows its importance in guiding ATR development. This paper presents the connotation of ATR evaluation
and briefly reviews ATR development. Furthermore, the conventional methods, applications, and latest
developments in ATR evaluation are presented and discussed from the perspective of performance measures,
test condition, inference and decision. Finally, several ATR evaluation research directions are summarized. This
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Fig. 1 A typical ATR development and test life cyclel™
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